The prevalence of business-to-business (B2B) has made the relationship among firms more closer than ever. Whether in simple arm-length transactions or business cooperation, many firms, in order to reduce costs and achieve efficiency, have shifted their day-to-day operations from the tradition of relying on manpower to the use of information technology in handling tasks such as inventory, procurement, production planning, distribution, etc. As a result, the need of a business process information system is imminent for firms to coordinate with partners in the supply chain and to be sustainable in the competitive market. This study thus proposes a hybrid multi-criteria decision-making approach for evaluating business process information systems. First, the factors that should be taken into account in selecting an appropriate system are explored. The Decision-Making Trial and Evaluation Laboratory (DEMATEL) is adopted next to understand the interrelationships among the criteria. Based on the results from the DEMATEL, the Fuzzy Analytic Network Process (FANP) is applied to calculate the importance of the factors. Fuzzy Techniques for Order of Preference by Similarity to Ideal Solution (FTOPSIS) is used to rank the business process information systems.
Introduction
A business process information system can integrate various software modules to control the data flow of business process tasks in a company. It usually integrates processes such as production planning, purchasing, inventory control, sales, distribution, project management, etc. [1, 2] .
In a high-tech industry, technological development is the key to the success, and a close relationship with the upstream suppliers and downstream customers is important to manufacture specialized final products. The implementation of a business process information system is becoming a must for the firms in the supply chain so that information can be transparent among the firms, the manufacturing cost can be reduced, and the production efficiency and product quality can be improved. A successful adoption There are different types of MCDM techniques and the integrations of the MCDMs have often been proposed to tackle various real-world problems. Some works are reviewed here. Büyüközkan and Çifçi [16] constructed a hybrid fuzzy MCDM (FMCDM) model, which integrated the DEMATEL, the ANP, the TOPSIS, and the fuzzy set theory, for evaluating green suppliers in order to improve green supply chain management. Hsu and Liou [17] presented a hybrid MCDM model, which combined the DEMATEL and the ANP, to consider multiple criteria and the interdependencies among dimensions and then to calculate the criteria weights for selecting outsourcing providers for the airline industry. Deng et al. [18] proposed a hybrid MCDM model, which combined the balanced scorecard (BSC), the DEMATEL, the ANP and the VlseKriterijumska Optimizacija I Kompromisno Resenje in Serbian (VIKOR), to understand the sustainability performance factors for certified public accountant firms in Taiwan. Dinçer et al. [19] constructed an interval type 2 fuzzy sets MCDM approach, which combined the DEMATEL-based ANP and the multi-objective optimization on the basis of ratio analysis, to study the emerging industries based on the signaling theory. Chen and Yang [20] examined the critical auditing criteria for implementing green marketing activities and used an integrated AHP and DEMATEL approach to obtain the weights of the criteria. Khatir and Akbarzadeh [14] presented a fuzzy multi-attribute decision making (FMADM) model. The fuzzy DEMATEL and the FANP were applied to calculate the priorities of factors and sub-factors, and the FTOPSIS was used to rank the strengths, weaknesses, opportunities, and threats (SWOT) strategies for national science and technology. Nilashi et al. [15] applied two MCDM techniques, the DEMATEL and the fuzzy TOPSIS, to understand the interrelationships among the factors and to obtain the importance weights of the factors that influenced medical tourism adoption in Malaysia.
Business Process Information System Evaluation
The benefits from implementing business process information system, such as an enterprise requirement planning (ERP), can be classified into tangible and intangible benefits [21] [22] [23] . Some tangible benefits are: reduction of inventory level and order lead time, improvement in orders management, reduction of production cycle time, increased productivity, reduction of personnel, shortened financial cycles, improved cash flow management, improved customer service, reduction of expenses, increase of revenue and profits, reduction of transportation costs, and reduction of system maintenance needs [22] [23] [24] . Some intangible benefits are: increased visibility of corporate data, better integration of financial information, improved responsiveness to customers, better integration of customer-order information with other information, improved communications, better coordination among processes and information, standardization and acceleration of manufacturing processes, standardization of computing platforms, standardization of human-resource information, enhanced organizational flexibility, improved business performance, improved decision-making capabilities, strengthening supply chain partnerships, improved visibility into the supply chain management process, and increased competitive advantage [22] [23] [24] [25] .
With the potential benefits of the information systems, many firms still face barriers to implement systems successfully. Some barriers include: complexity of the business environment, need for extensive customization, unfit for the firm's operations properties, limitations in available financial, human and technical resources, diversity of the systems, risks associated with the implementation, and absence of guidance for adoption [25] [26] [27] [28] [29] [30] .
If a firm does not fully consider the implications of its business and its compatibility with overall organizational goals and strategies, a wrong selection and inappropriate implementation of the information system can weaken the benefits of the information system that can bring to the firm or can even lead to adverse impact on company performance [29, 31, 32] .
Thus, a firm needs to select suitable information system and IT tools, adjust its business process, and evaluate performance appropriately to successfully implementing a system [30] . Since firms often do not develop their own business process information systems, the support of software developers from the installation to the implementation and everyday operation of the system is essential. Therefore, various factors, including the software-related factors and vendor-related factors, need to be considered in selecting the system.
In order to solve the business process information system evaluation problem, scholars have proposed various kinds of approaches. Some related works that adopted MCDM techniques are reviewed here. Huang et al. [33] presented one of the first works that used a fuzzy analytic hierarchy process (FAHP)-based methodology for evaluating ERP software alternatives. Cebeci [34] constructed a decision support system for selecting ERP systems with two phases. In the first phase, the vision, the strategies and the key performance indicators (KPIs) of a firm were analyzed through the strengths, weaknesses, opportunities, and threats (SWOT) analysis and balanced scorecard (BSC), and the ERP systems that could not meet the requirements of the firm were eliminated. In the second phase, a hierarchy for evaluating the ERP systems was constructed, and the FAHP was adopted to obtain the weights of the attributes and the ranking of the ERP systems. Kahraman et al. [35] applied the fuzzy set theory and the analytic hierarchy process (AHP) for selecting ERP systems. The ERP outsourcing problem was studied, and a hierarchy with seven criteria and 22 sub-attributes was developed to assess three ERP outsourcing alternatives. Standardized trapezoidal fuzzy numbers (STFNs) were used to convert decision-makers' judgments, and the fuzzy analytic hierarchy process AHP (FAHP) was applied to obtain the ranking of the ERP outsourcing alternatives. Hamidi [1] constructed a framework for selecting a suitable ERP system by applying the FAHP. The hierarchy is decomposed into three major factors, i.e., product factors, system factors and management factors. Each factor is further decomposed into several sub-factors, and there are a total of 12 sub-factors. The extent analysis on FAHP was then applied to calculate fuzzy weights of the sub-factors and the ranking of the ERP system alternatives. El-Mashaleh et al. [25] developed a multi-attribute decision-making model for selecting ERP system by applying data envelopment analysis (DEA). The two input factors were total cost and implementation schedule, and the four output factors were functionality, user friendliness, customization capability, and service and support quality. The total cost factor was measured in monetary values, the implementation schedule was measured in the length of time, the functionality was measured in the percentage of supported needs, and the rest were subjective scores given by the decision-maker.
The constructed model was adopted by a construction contractor to select ERP alternatives. Shen et al. [23] studied the performance evaluation of an ERP system after its implementation and constructed a post-implementation ERP performance evaluation framework. The framework considered the four perspectives, i.e., financial, customer, innovation and learning, and internal business process, of the BSC, and integrated linguistic variables and non-additive fuzzy integral. The framework could measure the performance level of the ERP system objectively and to examine the contribution of the ERP system to the strategic objectives of the firms. Shukla et al. [29] proposed a hybrid MCDM approach for ERP system selection by integrating stepwise weight assessment ratio analysis (SWARA) and PROMETHEE. The SWARA was adopted to evaluate the weights of the criteria first, and the PROMETHEE was applied next to aggregate the results from evaluating the performance of the ERP system alternatives with respect to the criteria. The final ranking of the alternatives could be obtained as a result. Efe [2] integrated the FAHP and fuzzy technique for order preference by similarity to ideal solution (fuzzy TOPSIS) for selecting ERP system and used an attribute based aggregation technique for group decision-making. The fuzzy extension of the AHP was applied to determine the weights of the criteria in the ERP system selection problem, and the fuzzy TOPSIS was used to rank the ERP systems in meeting the firm's goals in an uncertain environment. Niu et al. [30] studied the ERP system selection problem and the performance evaluation of the ERP system after implementation. A manufacturing company was used as an example to examine the two proposed models. In the first model, two hierarchies were formed under two different objectives: choosing the most appropriate ERP system and choosing the most appropriate ERP vendor. Each hierarchy was decomposed into different attributes, but the alternatives were the same ERP systems under study. The AHP was applied to obtain the priorities of the ERP systems under the two objectives, and the final priorities of the systems were calculated by given the equal weights to the two objectives. In the second model, the Likert scale, the AHP, and fuzzy integrated evaluation (FIE) were integrated to evaluate the performance of the ERP system after its implementation. Tasnawijitwong and Samanchuen [36] studied the selection of open source ERP system, which was free or low cost, customizable and flexible, for small and medium enterprises (SMEs) since SMEs often have limited fund for investment and need open source ERP systems to increase competitiveness. The important criteria that SMEs need to evaluate open source ERP systems were listed, and a framework that adopted the AHP was constructed to help SMEs to select the most suitable ERP system.
Analytic network process (ANP), a general form of AHP, has also been applied for evaluating information systems. Unlike the AHP, which must assume the independence among the elements, the ANP can consider the variety of interactions, dependencies and feedbacks among elements and among clusters. Some recent works that adopted ANP in ERP system selection are reviewed as follows. Ayag and Özdemİr [24] presented a fuzzy ANP (FANP) approach for ERP software selection to help firms make the most appropriate decision while satisfying the needs and expectations. Because of vagueness and uncertainty on judgments of the decision-makers, the crisp pairwise comparison in the conventional ANP may not be adequate to capture the correct judgments of decision-makers. Therefore, the fuzzy set theory was incorporated into the ANP. Kilic et al. [37] proposed a model that combined the ANP and the preference ranking organization method for enrichment evaluations (PROMETHEE) to evaluate the ERP systems for small and medium-sized enterprises in Turkey. The ANP was applied first to understand the relations among the criteria and to obtain the weights of the criteria. Based on the weights of the criteria, the PROMETHEE was adopted next to calculate the ranking of the ERP system alternatives. Chang et al. [38] proposed a FANP approach that integrated fuzzy set theory, triangular fuzzy number and ANP to assess ERP implementation risks, which were categorized into four groups, i.e., management and execution, software system, users, and technology planning. By addressing the imprecise nature of the vague problem and the dependence and feedback of the criteria, the approach could generate the most suitable ERP design for a firm.
While there are some MCDM approaches in evaluating business process information systems, this research, in the authors' knowledge, is the first hybrid MCDM approach that integrates DEMATEL, FANP and FTOPSIS for the information system evaluation. With the adoption of the DEMATEL, the interrelationships among the criteria can be examined first and can be used to prepare FANP questionnaire. The FANP is applied next to calculate the priorities of the sub-criteria. Finally, the FTOPSIS is used to rank the information system alternatives.
Proposed Model
A business process information system evaluation model with two phases is developed, as shown in Figure 1 . The steps are as follows:
Step 1. Define the evaluation problem for business process information systems, and construct a preliminary network. Review past works of information system evaluation and selection, and interview with experts in the field. With the confirmation of the experts, an initial network is constructed.
Step 3. Determine an initial direct relation matrix.
Step 7. Prepare a causal diagram.
Step 11. Obtain the weights of the sub-criteria.
Step 2. Construct an evaluation scale for influences and prepare a DEMATEL questionnaire.
Step 1. Define the business process information system evaluation problem and construct a preliminary network.
Step 4. Develop an initial influence matrix.
Step 5. Calculate the total influence matrix.
Step 6. Calculate vector r and c within the total influence matrix T.
Step 8. Develop a network and prepare a questionnaire.
Step 9. Transform the questionnaire results and combine the experts' opinions.
Step 10. Calculate the priorities of matrices and perform consistency test.
Check consistency ? No

Yes
Step 12. Prepare a business process information System evaluation questionnaire.
Step 13. Develop a fuzzy decision matrix.
Step 14. Normalize the fuzzy decision matrix.
Step 15. Compute the weighted normalized Fuzzy decision matrix.
Step 16. Calculate the fuzzy positive-ideal solution (FPIS) and fuzzy negative-ideal solution (FNIS).
Step 17. Calculate the distance of each Information system from FPIS and FNIS.
Step 18. Rank the order of information systems. 
Phase 1: DEMATEL
Step 2. Construct an evaluation scale for influences and prepare a DEMATEL questionnaire. A scale is developed, with 0 indicating no influence, 1 indicating little influence, 2 indicating medium influence, 3 indicating high influence, and 4 indicating very high influence.
Prepare a questionnaire to evaluate the interrelationship between each two criteria. Step 3. Develop an initial direct relation matrix. Based on the questionnaires collected from K experts, an initial direct relation matrix with n criteria can be developed by the geometric mean method. The initial direct relation matrix Z is as shown in Equation (1):
where z indicates the influence degree of criterion i to criterion j, and the values in the diagonal line from the top left to the bottom right are zeros.
Step 4. Develop an initial influence matrix. The initial direct relation matrix Z is normalized using Equations (2)-(4) to calculate an initial influence matrix D [39, 40] : 
Step 2. Construct an evaluation scale for influences and prepare a DEMATEL questionnaire. A scale is developed, with 0 indicating no influence, 1 indicating little influence, 2 indicating medium influence, 3 indicating high influence, and 4 indicating very high influence. Prepare a questionnaire to evaluate the interrelationship between each two criteria. Step 3. Develop an initial direct relation matrix. Based on the questionnaires collected from K experts, an initial direct relation matrix with n criteria can be developed by the geometric mean method. The initial direct relation matrix Z is as shown in Equation (1):
where z ij indicates the influence degree of criterion i to criterion j, and the values in the diagonal line from the top left to the bottom right are zeros. Step 4. Develop an initial influence matrix. The initial direct relation matrix Z is normalized using Equations (2)-(4) to calculate an initial influence matrix D [39, 40] :
Step 5. Calculate the total influence matrix. After infinite number of direct and indirect influences to each criterion, the total influence matrix T is obtained by Equation (5) [39, 40] .
where m is an integer variable ranging from 1 to infinity, and I is the identity matrix. Step 6. Calculate vector r and c within the total influence matrix T by Equations (6) and (7) [39, 40] :
where superscript ' denotes transposition, r i shows the sum of direct and indirect influences of creation i on other criteria, c j shows the sum of direct and indirect influences that criterion j has received from other criteria. Step 7. Prepare a causal diagram. When j = i, r i + c i indicates an index of the strength of influences given and received, and it shows the degree criterion i plays in the problem [41] . When r i − c i is positive, criterion i is influencing other criteria. When r i − c i is negative, criterion i is being influenced by other criteria. A causal diagram is prepared with r i + c j as the horizontal axis and r i − c j as the vertical axis. Quadrant I contains the core criteria, also called intertwined givers, which have high prominence and high relation. Quadrant II contains driving criteria, which have low prominence but high relation. These driving criteria, or autonomous givers, only influence a few other criteria. Quadrant III contains independent criteria, which have low prominence and low relation. These independent criteria, or autonomous receivers, can be individually treated because they may not influence other criteria. Quadrant IV contains affected criteria, which have high prominence and low relation. These affected criteria, or intertwined receivers, do not influence other criteria but are influenced by other criteria.
Phase 2: Fuzzy ANP
Step 8. Develop a network and prepare a questionnaire. Based on the result from DEMATEL, a network is developed. A questionnaire with pairwise comparisons is prepared and given to the experts to fill out. The questions include: the relative importance between two criteria, the relative importance between two sub-criteria, the influence of other criteria on one specific criterion, the influence of other sub-criteria on one specific sub-criterion, and the relative performance of each two systems with respect to a sub-criterion. The linguistic levels of importance and their corresponding triangular fuzzy numbers are listed in Table 1 [7, [42] [43] [44] [45] . Table 1 . Membership function of fuzzy numbers.
Linguistic Variable Triangular Fuzzy Numbers Reciprocal Triangular Fuzzy Numbers
Equal (5, 7, 9) (9 −1 , 7 −1 , 5 −1 ) Extremely important (7, 9, 9) (9 −1 , 9 −1 , 7 −1 )
Step 9. Transform the questionnaire results and combine the experts' opinions. Experts' opinions are transformed into matrices with triangular fuzzy numbers first, and the matrices from multiple experts are combined next. Then, matrices with crisp numbers are formed. For instance, the comparison matrix for sub-criteria with triangular fuzzy numbers with respect to the goal for decision maker k is as shown in Equation (8) [42] [43] [44] :
Geometric mean method is applied to combine K experts' opinions using Equations (9) and (10):
where
Yager's defuzzification approach [46] is adopted to defuzzify triangular fuzzy numbers, as shown in Equation (11):
Step 10. Calculate the priorities of matrices and perform consistency test. For instance, the priorities for the defuzzified pairwise comparison matrix for criteria with respect to the goal are calculated using Equation (13) [7]:
where B is the defuzzified pairwise comparison matrix, w is the eigenvector, and λ max is the largest eigenvalue of B.
The consistency index, CI, and the consistency ratio, CR, for each defuzzified pairwise comparison matrix are calculated, and the matrices that fail the consistency test must be revised by the experts. The CI and CR are calculated by Equations (14) and (15) , respectively:
where λ max is the largest eigenvalue of B, n is the number of sub-criteria being compared in the matrix, and RI is random index found in Saaty [47] .
Step 11. Obtain the weights of the sub-criteria. After steps 8-10, all relevant vectors can be obtained, and an unweighted supermatrix (W ) can be formed, as in Equation (16). Form a weighted supermatrix ( W). By raising the weighted supermatrix to an infinite power, a limited supermatrix (W) is obtained, as in Equation (17) [42] [43] [44] .
where w c is a vector that represents the impact of the goal on the criteria, W sc is a matrix that represents the impact of criteria on each of the sub-criterion, W cc shows the interrelationships among the criteria, W ss shows the interrelationships among the sub-criteria. The priorities of the sub-criteria can be found in the sub-criteria-to-goal column in the limit supermatrix (s j ).
Phase 3: Fuzzy TOPSIS
Step 12. Prepare a business process information system evaluation questionnaire. A questionnaire is formed to ask the expected performance of each business process information system with respect to each sub-criterion [48] . Table 2 lists the seven linguistic levels of performance [49] . Step 13. Develop a fuzzy decision matrix. Based on the questionnaires collected from the experts, a fuzzy decision matrix for the group can be developed by the arithmetic mean method by Equation (18) [14] [15] [16] :
where P is a fuzzy decision matrix, and x τ j = (l τ j , m τ j , u τ j ) is the synthesized performance of system τ with respect to sub-criterion j.
Step 14. Normalize the fuzzy decision matrix:
Step 15. Compute the weighted normalized fuzzy decision matrix:
where s j is obtained from Step 11. Step 16. Calculate the fuzzy positive-ideal solution (FPIS) and fuzzy negative-ideal solution (FNIS) [14, 16] :
where F * is the FPIS for sub-criterion j, and F − is the FNIS for sub-criterion j.
Step 17. Calculate the distance of each information system from FPIS and FNIS [14, 16] :
τ is the distance of information system τ from FPIS, and d − τ is the distance of information system τ from FNIS.
Step 18. Calculate the closeness coefficients (CC) and rank the order of information systems. The CC is obtained by Equation (24):
where CC τ is the closeness coefficient of information system τ. The information system with the highest CC is the best alternative.
Case Study
A case study is examined using the proposed hybrid MCDM approach. The firm in this study is a semiconductor manufacturing company considering implementing a business process information system. Five experts from the company were asked to contribute their expertise. The experts include the chief operating officer, one project manager, two senior managers from the information technology department, and an information technology consultant. They were invited because they have been involved in the business process information systems and they know the basic concept of information technology and big data analysis. The evaluation process is as follows:
Step 1. Define the evaluation problem for business process information systems, and construct a preliminary network.
After an intensive literature review on information system evaluations and interviews with experts in the related field, the research constructs an initial network, as shown in Figure 2 . To evaluate the suitability of the information system, four criteria are considered: reputation of the information system supplier, information system related costs, coordination of the information system with other systems, and continuous service from the supplier. Under each criterion, there are a number of sub-criteria. Three information systems under consideration are the alternatives. 
Phase 1: DEMATEL
Steps 2 and 3. Develop an initial direct relation matrix.
A questionnaire was prepared and given it to the experts to evaluate the interrelationship between each two criteria. Based on the results from the experts, an initial direct relation matrix is 
A questionnaire was prepared and given it to the experts to evaluate the interrelationship between each two criteria. Based on the results from the experts, an initial direct relation matrix is formed by applying the geometric mean method. The initial direct relation matrix Z is as follows: 
Steps 4. SDevelop an initial influence matrix.
Sum each column and each row of the initial direct relation matrix Z. The largest sum of all columns is 10.034, and the largest sum of all rows is 9.72. After normalization, the initial influence matrix D is as follows: 
Steps 5. Calculate the total influence matrix.
The total influence matrix T is calculated as follows: 
Set a threshold value of 0.6, and the final total influence matrix is: 
Steps 6. Calculate vector r and c within the total influence matrix T.
Based on the final total influence matrix T, calculate vector r and c. The results are as shown in Table 3 . Based on Table 3 , a causal diagram is drawn, as shown in Figure 3 . 
Phase 2: Fuzzy ANP
Based on the result from DEMATEL, a network is developed, as depicted in Figure 4 . Company reputation (C1) is influenced by company reputation (C1), costs (C2), and continuous services (C4). This implies that the sub-criteria under company reputation (C1), namely financial condition (SC11), market share (SC12), and company scale (SC13) are influenced by the sub-criteria under company reputation (C1), costs (C2), and continuous services (C4). In addition, costs (C2) is influenced by company reputation (C1), costs (C2), coordination with other systems (C3), and continuous services (C4). Coordination with other systems (C3) is influenced by company reputation (C1), costs (C2), and continuous services (C4). Continuous services (C4) is influenced by company reputation (C1), costs (C2), and continuous services (C4). A questionnaire with pairwise comparisons is prepared and given to the experts to fill out. Step 9. Transform the questionnaire results and combine the experts' opinions.
Based on the questionnaire results, experts' opinions are transformed into matrices with triangular fuzzy numbers first, and the matrices from multiple experts are combined next. For example, the fuzzy pairwise comparison matrix of criteria for expert 1 is: Based on the result from DEMATEL, a network is developed, as depicted in Figure 4 . Company reputation (C1) is influenced by company reputation (C1), costs (C2), and continuous services (C4). This implies that the sub-criteria under company reputation (C1), namely financial condition (SC11), market share (SC12), and company scale (SC13) are influenced by the sub-criteria under company reputation (C1), costs (C2), and continuous services (C4). In addition, costs (C2) is influenced by company reputation (C1), costs (C2), coordination with other systems (C3), and continuous services (C4). Coordination with other systems (C3) is influenced by company reputation (C1), costs (C2), and continuous services (C4). Continuous services (C4) is influenced by company reputation (C1), costs (C2), and continuous services (C4). A questionnaire with pairwise comparisons is prepared and given to the experts to fill out. 
Based on the questionnaire results, experts' opinions are transformed into matrices with triangular fuzzy numbers first, and the matrices from multiple experts are combined next. For example, the fuzzy pairwise comparison matrix of criteria for expert 1 is: Steps 9. Transform the questionnaire results and combine the experts' opinions.
Based on the questionnaire results, experts' opinions are transformed into matrices with triangular fuzzy numbers first, and the matrices from multiple experts are combined next. For example, the fuzzy pairwise comparison matrix of criteria for expert 1 is: 1, 1) (1/5, 1/3, 1) (1/5, 1/3, 1) (3, 5, 7) (1, 3, 5) (1, 1, 1) (1, 3, 5) (1, 3, 5) (1, 3, 5) (1/5, 1/3, 1) (1, 1, 1) (3, 5, 7) (1/7, 1/5, 1/3) (1/5, 1/3, 1) (1/7, 1/5, 1/3) (1, 1, 1 )
After transforming the questionnaire results into fuzzy pairwise comparison matrices from each decision maker, fuzzy group pairwise comparison matrices are formed by the geometric mean approach. For example, the fuzzy group pairwise comparison matrix for the criteria is: 
Defuzzified pairwise comparison matrices are calculated using Yager's defuzzification approach [46] . For instance, the defuzzified group pairwise comparison matrix for the importance of the sub-criteria, B C , is prepared: The priorities of all matrices are calculated, and the consistency test is performed. For instance, the priority vector of the criteria, w C , is calculated, and the maximum eigenvalue, λ max , is obtained. Then, a consistency test is done by calculating CI C and CR C :
After the consistency test is passed, the eigenvector for the importance of the sub-criteria, w C , is confirmed. Costs (C2), with the highest priority of 0.36897, is the most important criterion, followed by company reputation (C1), with a priority of 0.27716, and coordination with other systems (C3), with a priority of 0.25548. In case that an inconsistency exists, the experts are asked to revise the specific portion of the questionnaire.
Steps 11. Obtain the weights of the sub-criteria.
By forming the unweighted supermatrix, weighted supermatrix, and the limit supermatrix, the weights of the sub-criteria can be obtained. All the matrices generated from the questionnaires are solved, and the eigenvector of each defuzzified group pairwise comparison matrix can be entered into an unweighted supermatrix, as shown in Table 4 . The weighted supermatrix and the limit supermatrix are then obtained, as shown in Tables 5 and 6 , respectively. In the sub-criteria-to-goal column in the limit supermatrix, the weights of the sub-criteria can be found. The relative importance of the sub-criteria may be valuable information for decision-makers. The priorities and ranking of the sub-criteria are listed in Table 7 . In the study, upgrade costs (SC23), with a priority of 0.16206, is the greatest concern of the experts, followed by the company scale of the information system provider (SC13) with a priority of 0.14192, and data sharing among system users (SC31) with a priority of 0.12696. The fourth and fifth important sub-criteria are the counseling fee (SC22) and implementation costs (SC21), respectively.
Steps 12 and 13. Prepare a business process information system evaluation questionnaire and develop a fuzzy decision matrix.
A questionnaire is prepared to ask the experts to evaluate the expected performance of each business process information system with respect to each sub-criterion. Three information systems are evaluated, and five experts, k1-k5, are invited to fill out the questionnaire. The results are shown in Table 8 . By the arithmetic mean method, a fuzzy decision matrix is developed, as shown in Table 9 .
Steps 14, 15 and 16. Normalize the fuzzy decision matrix, compute the weighted normalized fuzzy decision matrix, and calculate the fuzzy positive-ideal solution (FPIS), and fuzzy negative-ideal solution (FNIS).
The fuzzy decision matrix P is normalized using Equation (19) , and the result of P are shown in Table 10 . The weighted normalized fuzzy decision matrix is calculated using Equation (20) and shown in Table 11 . The fuzzy positive-ideal solution (FPIS) and fuzzy negative-ideal solution (FNIS) are calculated using Equations (21) and (22) , respectively. The results are shown in Table 12 .
Steps 17. Calculate the distance of each information system from FPIS and FNIS.
By applying Equations (23) and (24) , the distance of each information system from FPIS, d * τ , and the distance of each information system from FNIS, d − τ , are calculated, respectively. The results are shown in Tables 13 and 14 . Table 10 . Normalized fuzzy decision matrix P.
Sub-Criterion
Information System A1 Information System A2 Information System A3 Table 13 . Distance of each information system from FPIS. d(ṽ τj ,ṽ * j ) τ=1 τ=2 τ=3 j = 1 0.0232 0.0040 0.0000 j = 2 0.0069 0.0000 0.0012 j = 3 0.0030 0.0004 0.0132 j = 4 0.0199 0.0000 0.0089 j = 5 0.0200 0.0000 0.0215 j = 6 0.0000 0.0276 0.0276 j = 7 0.0000 0.0031 0.0223 j = 8 0.0822 0.0214 0.0000 j = 9 0.0561 0.0234 0.0000 j = 10 0.0061 0.0029 0.0000 j = 11 0.0091 0.0000 0.0056 j = 12 0.0049 0.0000 0.0056 d * τ 0.2313 0.0829 0.1059 Table 14 . Distance of each information system from FNIS. d(ṽ τj ,ṽ − j ) τ=1 τ=2 τ=3 j = 1 0.0000 0.0193 0.0232 j = 2 0.0000 0.0069 0.0057 j = 3 0.0108 0.0130 0.0000 j = 4 0.0000 0.0199 0.0111 j = 5 0.0020 0.0216 0.0001 j = 6 0.0276 0.0000 0.0000 j = 7 0.0223 0.0193 0.0000 j = 8 0.0000 0.0610 0.0822 j = 9 0.0000 0.0329 0.0561 j = 10 0.0001 0.0036 0.0061 j = 11 0.0000 0.0091 0.0036 j = 12 0.0010 0.0056 0.0000 d − τ 0.0639 0.2121 0.1882
Steps 18. Calculate the closeness coefficients and rank the order of information systems.
By applying Equation (25), the closeness coefficient of each information system is calculated. The results are: CC 1 = 0.2165, CC 2 = 0.7191, and CC 3 = 0.6400. Since the CC 2 is the largest, information system 2 is the most recommended system.
Conclusions
This study aims to examine the selection of the most appropriate business process information system to implement in order to be a sustainable firm. A hybrid multi-criteria decision-making (MCDM) approach, that integrates the Decision-Making Trial and Evaluation Laboratory (DEMATEL), Fuzzy Analytic Network Process (FANP), and Fuzzy Technique for Order of Preference by Similarity to Ideal Solution (FTOPSIS), is constructed. Through the use of DEMATEL, the interrelationship among the criteria can be understood. Since the FANP questionnaire is usually very lengthy, the use of the results form DEMATEL can shorten the FANP questionnaire substantially. The FANP analysis can provide the relative importance of the criteria and of the sub-criteria for evaluating the information systems. The ranking of the systems can then be calculated by the FTOPSIS. The FANP is used in the study because the AHP must assume that all the factors are independent and the ANP can consider the feedback and interdependency of the factors in a network. Fuzzy set theory is adopted here because uncertainty and ambiguity is often present in decision-making and in the real business environment.
The results from the case study show that, under the opinions of the experts, costs (C2) is the most important criterion, followed by company reputation (C1) and coordination with other systems (C3). The most important sub-criteria are upgrade costs (SC23), company scale (SC13), data sharing among information system users (SC31), counseling fee (SC22), and implementation costs (SC21), in descending order. Based on the ranking of the systems, the firm can select the most suitable information system to be implemented in the firm.
In this research, the DEMATEL is applied to learn the interrelationship among the criteria only. In the future, the DEMTEL can also be used to study the interrelationship among the sub-criteria. In addition, fuzzy set theory can be integrated with the DEMATEL to consider the fuzziness and ambiguity in the evaluation process. In this paper, the FANP is applied and the crisp sub-criteria weights are obtained. The weights are subsequently used in the FTOPSIS. In the future, fuzzy weights may be used in the FTOPSIS by adopting the methods proposed by Chang [50] and Vinogradova et al. [51] . Some other methodologies, such as quality function deployment (QFD), VlseKriterijumska Optimizacija I Kompromisno Resenje in Serbian (VIKOR) and goal question metric (GQM) approaches can also be considered in constructing a framework for evaluating information systems.
